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If new use cases still feel like starting from zero despite sequencing 
investments, governing agents, and watching token economics closely, 
then what’s missing is a context layer. We address how to fix it with ADAM’s 
semantic fabric. 

A context layer that stops every enterprise from rebuilding the 
same AI solution and makes each new one compound.

Inside ADAM’s semantic fabric: 
Making enterprise AI compound
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Your AI wins don’t compound? A semantic fabric layer 
could change that

Enterprise AI’s real tax isn’t the cost of building more models but the cost of rebuilding the same 

understanding underneath each one.

Sequencing, governance, and tokenomics all quietly break down without a shared, declared context layer 

to stand on.

ADAM’s (our AI Accelerator Platform) semantic fabric turns scattered enterprise knowledge into one 

governed, query-able source of truth that every solution, agent, and business user can draw on in plain 

language.

The discipline that makes it work is narrow on purpose: model the delta, not the dictionary, and let real 

use grow the fabric.

The payoff is a compounding curve, where your 10th AI use case is cheaper and faster than your first.

www.brillio.com

Sequenced, governed, cost-controlled and still starting 
from scratch
Over the last few months, we have created three connected pieces: one on where the money is actually going 

in consumer AI, one on governing agents in banking, and one on the tokenomics of AI. Each answered a real 

question a leader was asking. But the same follow-up kept coming back, in slightly different words every time:

We are sequencing our investments, governing our agents, and watching our token economics. So why does 
every new AI use case still feel like we are starting from scratch?

This piece is our answer. The three earlier articles described what to build, how to govern it, and what it costs. 

This one is about the context layer underneath all three: it decides whether any of it compounds. We call it the 

semantic fabric.

Why new AI use cases start from scratch
Most enterprises scaling AI today have a wall of impressive, siloed wins. A fraud model here, a 

demand-forecasting agent there, a copilot for one team, a knowledge assistant for another. Each one 

works, and each one was built by a team that had to re-answer the same questions before writing a single 

line of useful logic: 

What does ‘customer’ mean here? The account, the household, the legal entity? 

Which ‘revenue number’ is the real one when three business units define it differently?

Where does this data live, and can I trust what it means?

ADAM’s

one on where the money is actually going

in consumer AI, governing agents in banking, tokenomics of AI.

https://www.brillio.com/the-enterprise-ai-accelerator/agentic-data-and-application-management/
https://www.brillio.com/insights/perspectives/white-paper/a-leaders-guide-to-compounding-ai-roi-in-retail-and-cpg/
https://www.brillio.com/insights/perspectives/white-paper/a-leaders-guide-to-compounding-ai-roi-in-retail-and-cpg/
https://www.brillio.com/insights/perspectives/thought-leadership/governing-the-agent-bankings-new-ai-mandate/
https://www.brillio.com/insights/perspectives/thought-leadership/tokenomics-the-complete-guide-to-ai-economics-for-banks/
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The model was never the hard part. Instead, it was the model’s context or a lack thereof. And because 

that context lived in people’s heads, in tribal knowledge, and in code comments, it could not be reused. 

So, the next team rebuilt it. And the next after that. This is the quiet tax on enterprise AI. Not the cost of 

Forget architecture for a moment. How does one first 
meaningfully answer what revenue is? 
A finance leader would say recognized revenue, net of returns, under a specific accounting standard. A sales 

leader would say booked revenue. A product leader would imply run-rate. All three are correct. All three are 

different. A human in the room resolves this in seconds because they carry the context. An AI system does not, 

unless someone has written that context down in a form the machine can use.

That written-down, machine-usable context is an ontology: the entities that matter (customer, account, 

transaction, risk), how they relate, and the rules that bind them. A taxonomy provides the shared vocabulary. 

The knowledge graph turns that vocabulary and its meaning into living, connected knowledge the platform 

can reason over. Strip away the jargon and it is one idea: teach the enterprise's language to the machine, 

once, so every solution can speak it.

ADAM’s semantic fabric is the context layer that transforms data into meaning. Taxonomies organize 

concepts, SKOS standardizes and manages them, ontologies define relationships and rules, and knowledge 

graphs connect everything into an interoperable, machine-understandable network. While RAG and vector 

search retrieve relevant text, they don’t truly understand business meaning. The semantic layer resolves 

context, intent, and relationships through a layered ontology model (upper, middle, and lower ontologies), 

enabling trusted reasoning, explainability, and enterprise-grade AI outcomes.

The missing layer behind sequencing, governance, 
and tokenomics
The absence of a context layer is exactly what quietly undermines each of the three themes (where the money 

is going, governance, and tokenomics) we have already published on.

On the money
We argued that AI advantage comes not from isolated pilots but from disciplined sequencing. Table stakes, 

near-term ROI engines, and strategic differentiators that compound with proprietary data. But compounding 

requires reuse. If every use case re-derives what a ‘store,’ a ‘SKU,’ or a ‘basket’ means, nothing compounds. 

The context layer is what lets the second use case stand on the first.

disciplined sequencing.

https://www.brillio.com/insights/perspectives/white-paper/a-leaders-guide-to-compounding-ai-roi-in-retail-and-cpg/
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On governance
We said the governance gap in the agentic era is structural, not incremental. You cannot govern a 

chain of autonomous decisions with tools built for single-model outputs. And here’s the part that gets 

skipped: you cannot govern meaning you never declared. If ‘high-risk customer’ is defined implicitly 

inside each agent, there’s nothing central to audit, explain, or enforce. Governance needs a shared, 

declared semantics to govern against.

On tokenomics
We introduced the token as the atomic unit of AI cost and value, and about paying for the same 

plumbing dozens of times. The single largest source of that repeated plumbing is context re-creation. 

Every agent that re-discovers the enterprise’s meaning from scratch burns tokens, time, and trust. 

A governed context layer is, in tokenomics terms, the ultimate fixed-cost investment that bends the 

marginal cost of the next use case downward. 

token

Sequencing tells you what to build. Governance tells you how to control it. 
Tokenomics tells you what it costs. The semantic fabric is what ties all three into 
one connected view. Without it, enterprises run the risk of building solutions 
repeatedly and never turning them into a system.

What a semantic fabric does, in business terms
Strip it to its essence and the semantic fabric does one job: it turns scattered enterprise knowledge into one 

governed, query-able source of truth that every solution, agent, and business user can draw on in their own 

words. It brings four kinds of knowledge into a single connected layer:

Industry knowledge: The standards a domain already follows (in banking, for example, established 

financial and risk vocabularies). You inherit these instead of reinventing them.

Enterprise knowledge: Your organization’s own concepts, which extend the industry standard with what 

makes you specific: your products, your segments, your definitions.

Business metrics: How the business measures itself: the signals, ratios, and thresholds that turn raw data 

into a number a leader can act on.

Business questions: The real questions the business needs answered (“which customers show structuring 

behavior?”), used to prove the model is useful, not just tidy.

These four are composed into one governed knowledge graph – persistent, versioned, and searchable in 

plain language. A business user asks a question the way they would ask a colleague, and the fabric resolves 

what they mean and grounds the answer in real enterprise data. A robust semantic fabric goes beyond static 

ontologies by enabling composable, inheriting ontologies that are explicitly declared and 

governance

https://www.brillio.com/insights/perspectives/thought-leadership/tokenomics-the-complete-guide-to-ai-economics-for-banks/
https://www.brillio.com/insights/perspectives/thought-leadership/governing-the-agent-bankings-new-ai-mandate/
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governed, not merely inferred. Through a controlled pipeline of onboard → extract → compose → 

validate → build → query, knowledge assets are systematically transformed into trusted semantic 

models. Shapes Constraint Language (SHACL) and FHIR-style validation act as hard quality gates, 

ensuring conformance, consistency, and governance. Combined with vectorized semantic search 

over knowledge graphs, the platform understands that ‘customer’ and ‘client’ represent the same 

business concept, delivering context-aware discovery, reasoning, and AI outcomes.

Model the delta, not the dictionary
The fastest way to kill a semantic effort is to try to model the entire enterprise before delivering anything. 

We have watched governance programs collapse under exactly this weight, a heroic attempt to define every 

term, every relationship, everything, for everyone. The discipline we hold to is the opposite, and it is the single 

most important idea in this article: do not model what the machine already knows. A modern language model 

already carries a general map of business concepts. The engineering work is not to rebuild that map. It is to 

find the delta: the handful of places where your enterprise’s meaning genuinely diverges from the generic one, 

and to define only those, precisely. Model the delta, not the dictionary.

In practice this means starting from a real business question, defining just enough context to answer it well and 

provably, shipping it, and letting the gaps the agents hit tell you what to define next. The fabric grows from 

use, not from a committee. This is what makes it a lean, compounding asset instead of a stalled documentation 

exercise. Effective AI platforms recognize the balance between the model’s latent ontology and the platform’s 

structural ontology. Rather than relying on expensive fine-tuning, context is injected dynamically through 

governed semantic assets, enabling more accurate and explainable outcomes. As agents encounter ambiguity 

or confusion, those gaps become valuable signals, creating a continuous feedback loop that identifies what 

knowledge should be modeled next."

Trust is engineered in, not bolted on
A context layer that no one trusts is worse than none, because it centralizes the error. So, three properties are 

non-negotiable, and they are exactly what make this enterprise-grade rather than a demo:

Governed by design. Every mapping from business meaning to real data passes a human approval gate 

before it goes live. Trust is one step in the pipeline, not an afterthought.

Validated hard. A compliance-grade gate checks that the knowledge is complete and correct against industry 

rules before anything moves forward. If it fails, nothing progresses.

Explainable on every answer. Which concepts matched, which relationships were traversed, how a business 

term mapped to a database field, and why this answer was assembled—visible, every time. 
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In a regulated environment, an answer you cannot trace is an answer you cannot use. This is where 

the semantic fabric quietly repays the governance argument from our banking piece. It gives you 

something real to govern, audit, and explain. A declared, versioned semantics instead of meaning 

scattered across a hundred agents.

Self-service, trust, and reuse that compounds
When the context layer is in place, three things shift, and they are business outcomes, not technical ones:

The measure of a good semantic fabric is not how elegant the graph is. It is how much cheaper and faster your 

tenth AI use case is than your first.

Where to start: one question, not a platform
If you are a leader deciding where to place your next AI investment, this is where we would start. Not with a 

platform purchase, but with a discipline:

Self-service. Business users query enterprise data in their own words, without waiting in a queue behind 

the data team. Insight stops being a ticket.

Trust. Answers hold up in front of a regulator, a risk officer, or a board, because the reasoning behind 

everyone is already governed.

Reuse that compounds. The context defined for the first use case is inherited by the next. The second 

solution is cheaper than the first, and the third cheaper still. This is the compounding curve we promised 

in the consumer piece, finally made real.

Pick one painful, real question, not a domain. “Which customers are structuring deposits?” beats “model the 

AML domain.”

Find the delta. List only the terms where your meaning diverges from the obvious one. That short list is your 

first ontology.

Ground it in real data and prove it, using the business’s own questions asked in several phrasings. If it answers 

all of them, the context is good enough to ship.

Put the gates in from day one, human approval and validation, so the first thing you scale is trust, not debt.

Let usage grow the fabric. Every question an agent gets wrong is a signal for the next piece of context to 

define. Fund the loop, not the boil-the-ocean project.
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Stop funding pilots. Fund what makes them compound. 
Stop funding isolated pilots. Fund the layer that makes the next pilot cheaper. The compounding lives 

in the context, not the model.

Treat semantics as governable infrastructure, not documentation. Declared, versioned meaning is what 

you audit, explain, and reuse.

Start with the delta, not the platform. One painful question and the handful of terms it exposes will 

teach you more than any enterprise-wide modeling effort.

Judge success by compounding. The real metric is how much cheaper and faster your tenth AI use case 

is than your first.
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Brillio is The Enterprise AI Accelerator helping Fortune 1000 companies move from AI 

ambition to scaled impact, faster. Powered by our AI accelerator platform – Agentic 

Data and Application Management (ADAM), Brillio is one of the fastest-growing digital 

technology service providers, delivering transformation across five core workstreams: 

business-led transformation, customer experience transformation, AI and data 

engineering, digital engineering, and infrastructure engineering.

With 14 delivery locations across North America, Europe, and Asia and a team of over 

6,000 customer-obsessed professionals, Brillio combines deep industry expertise, 

modern engineering, and accelerators to deliver measurable outcomes. 

Headquartered in Dallas, Texas, Brillio serves clients globally with a commitment to 

speed, scale, and measurable impact.

About Brillio

https://www.brillio.com/
Contact Us: info@brillio.com



